HA5% F2W B H B #4R Vol. 45 No.2
2017 4 4 F COAL GEOLOGY & EXPLORATION Apr. 2017

XEHS: 1001-1986(2017)02-0147-05
ET GA-BP HEMEBE XN S EHE BEIFLMEE

Rk, TR
(WAMERFT L EZ2TR¥R, WK FH 266590)

BP(Backpropagation)
BP
BP
(Genetic Algorithm GA )
BP
: BP
P631 DA DOI: 10.3969/j.issn.1001-1986.2017.02.026

GA-BP neural network algorithm—based nonlinear inversion for high density
resistivity method

ZHAO Tao, YU Shijian
(College of Mining and Safety Engineering, Shandong University of Science and Technology, Qingdao 266590, China)

Abstract: High density resistivity method has played an important role in geological disaster exploration in mining
industry. In recent years some non-linear inversion methods represented by BP neural network have been widely
used in the two-dimensional inversion of high density resistivity method. Aiming at the shortcomings of BP neural
network such as being easy to fall into local minimum, slow convergency and poor inversion accuracy, the pro-
posed method tried to combine the genetic algorithm and BP neural network method to achieve the
two-dimensional inversion of high density resistivity method. The results of the classical electric model indicated
that the genetic algorithm method can optimize the weights and bias of the BP neural network effectively and im-
prove the performance of global optimization.
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Table 1 Comparison of results from two inversion methods

RZ RMSE Rz RMSE
GA-BP 0.9964 02577 09257  3.1807
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